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A Study on Standing of Agents through Evolutionary Learning
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Abstract

The purpose of this study is to analyze processes of standing by three agents with different physical
characteristics through evolutionary learning. The method called NEAT (Neuro-evolution of Augmenting
Topologies) in deep reinforcement learning was adopted for three agents learning. The higher the center of gravity
of the agent’s body, the higher rewards for agents. As a result of this experiment, it was confirmed that
Humanoid-v2 could not maintain standing, whereas Hopper-v2 and BipedalWalker-v2 acquired standing. From the
discussion, the association between the upper fixation and the lower dynamics of the agent made it possible to
respond to external forces from the environment, suggesting that the agent maintains standing.
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